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Abstract in English

This paper analyses the relative performance aledtsen behaviour of not-for-profit (NFP)

job training service providers, using contract dadan the Dutch social benefit administration.
Our analysis takes full account of selection e#gbbth ex ante (before the contracting process)
as well as ex post (at the start of the prografn$t,For each cohort type of unemployed clients,
cohorts that are contracted are ex ante equivédemroviders that are procured. Thusthin
cohort type variation in performance outcomes saffito obtain consistent estimates of
performance differentials. Second, ex post selaaticclients by providers, at the start of
programs, is measured explicitly in our data. Gatineation results show that FPs are more
active in selecting clients, both by sending bacdkerof them, and indirectly, by encouraging
clients to start a program, so as to receive autufi(fixed) payments by the social benefit
administration (per client at the start of a pragyaRegarding the estimation results for the job
placement rates, we find NFP job training servicevjalers only to outperform FPs slightly in
the durability of job contracts. This effect is hewer too small to lead to overall better

placement rates.

Key words: welfare programs, non-profits, procurement, selection, effectiveness
JEL codes. 138, L31, H57.

Abstract in Dutch

Dit paper vergelijkt de prestaties van winstgeciitet niet-winstgerichte re-integratiebedrijven
(rib’s) voor door UWV aanbestede trajecten. We hautekening met de effecten van afroming
— waarvoor winstgerichte rib’s mogelijk gevoeligejrzi- zowel bij de aanbesteding van, als
tijdens de start van trajecten. Bij de aanbestedamgtrajecten door UWYV is geen ruimte voor
afroming, aangezien offrerende rib’s alleen op dedte zijn van de globale kenmerken van
‘kavels’ van WW- en WAO cliénten. Bij de start vaajecten kunnen rib’s wel afromen door
kansarme cliénten alsnog buiten hun kavels te laftguist kansrijkere cliénten die twijfelen,
over te halen toch een traject te starten. Onzatsofsresultaten geven aan dat winstgerichte
rib’s inderdaad meer afromen bij de start van tri@e, zowel door cliénten terug te sturen als
door (kansrijkere) cliénten binnen te houden. Dmfsdingsresultaten laten verder zien dat

winstgerichte rib’s alleen iets beter scoren invexiverven van duurzame banen van cliénten.
Steekwoorden: re-integratie, non-profits, aanbesteding, selectie, effectiviteit

Een uitgebreide Nederlandse samenvatting is besaaikvia www.cpb.nl.
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Summary

Similar to hospital services and the educationsetiie provision of job training and mediation
services comes with asymmetric and incomplete imétion problems. First, if job training
service providers have an informational advantagelients, adverse selection or ‘cream
skimming’ occurs if they concentrate on clientshtpriori better job prospects. Second,
regarding the placement rates and wages of clistdqew jobs, particularly the long term
effects of programs may be hard to contract ugaus giving rise to moral hazard problems. In
the literature, it is often argued that not-for4itirNFP) organisations may act as a response to
both these types of market failures, as non-poafite-managers are constrained in their ability
to pursue personal gains and therefore are lesggtige to adverse selection of clients and
moral hazard with respect to job placement. Thishmaism may also be relevant for the

provision of job training services, with case-magragoeing driven by equity concerns.

Empirical evidence on the relative performance Bfdnd NFP job training services is scarce.
Moreover, usually no formal treatment is presertethe selection process of job training
service providers. Thus, if selection is importantl predominantly confined to FPs, the
relative performance of NFPs will be underestimafidds paper however, which is based on
contract data from the Dutch social benefit systikes full account of selection effects, both
ex ante (i.e. during the contracting process) dbageex post (i.e. at the start of a program).
First, given the setup of the contracting systeshoct types in our data are ex ante
homogeneous with job service training providers only beinganfned on the average
characteristics of the cohort type. Thus, themisoom for asymmetric information and
selection effects of individual cohorts within cohtypes.Within cohort type variation of
individual cohorts in terms of performance outcora&BlFP and FP job training service
providers is thus sufficient to obtain consistesttreates of performance differentials. Second,
selection effects at the start of the program aeasared explicitly in our analysis. As
contracted cohorts are assigned to a specificrgbitg service provider, clients that
effectively do not participate in the programs kateelled as selection effects (or: dropouts) with

respect to clients of a particular service provider

Our estimation results show that FP are more aatigelecting clients, both by sending back
more of them (provider induced selection) and ieclily, by stimulating clients to start a
program (client induced selection). The higher eitd provider induced selection of FPs
indicates that they take more advantage of the ity to send back clients by excluding
clients with bad job prospects. This effect is hegredominated by the lower rate of client
induced selection of FPs, causing the fractionfigfciive participants at the start of the program
to be lower for NFPs than for FPs. Thus it may wellthat FPs are more susceptive to the
reward incentive per individual client at the sw@ira program. Regarding the performance of



providers in job placement rates, NFP job trairsegvice providers make a small difference for
the durability of job placements. In particular, fird NFPs to have a job placement rate in
terms of contracts of at least twelve months thdt6 to 1.8%-point higher than FPs. For the

overall job placement rate, however, no significamtl systematic differences are found.

We conclude that FP and NFP job training serviaeigers have different performance
outcomes, particularly regarding their selectiohdaour. For the social benefit administration,
however, the conversion from these findings togoiimplications is complex. If the contractor
aims at maximising the fraction of clients thattjggpates in programs as an equity device, FPs
are to be preferred, as the overall fraction ofgaeed clients that participates is higher than for
NFPs. From an efficiency point of view, however xingising the number of clients that
effectively participates may not be a wise thinglto Additional clients may be less motivated
to participate or would have found a job anyhowr @sults indicate some evidence in this
direction- that is, clients not showing up at the start pf@gram have higher re-employment
rates than participants. Given the current setuguofanalysis, however, we cannot infer
whether this finding reflects higharpriori chances to find a job, or whether programs lower
the probability to find a job. We leave this fotdte research.



Introduction

Similar to hospital services and the educationsetiie provision of job training and mediation
services comes with asymmetric and incomplete métion problems. The public sector, who
is the major contractor of job training service yiders in most OECD countries, is therefore
confronted with both (adverse) selection and mbealard problems. First, if job training
service providers have an informational advantagelients, adverse selection or ‘cream
skimming’ occurs if they concentrate on clientshrtpriori better job prospects. Second,
regarding the placement rates and wages of cliettsiew jobs, particularly the long term
effects of programs may be hard to contract upaus giving rise to moral hazard problems.
Job training service providers may aim at job ptaest in the short run, while ignoring the
durability of these jobs.

It is often argued that not-for-profit (NFP) orgsafions may act as a response to market
failures in the provision of public services (Harmsm, 1980). Regarding the provision of job
training services, non-profit case-managers arstraimed in their ability to pursue personal
gains and therefore are less susceptive to adsetsetion of clients and moral hazard with
respect to job placement. Moreover, the very ladlesidual claimants or profit motives
provides a valuable commitment to employees tratrdrinsically motivated to provide better
services (see e.g. Francois, 2000). Thus, if NEEseed in attracting these employees, this
gives them an advantage with respect to FP sepviméders. In particular, if NFPs receive
donated labour, they may produce at lower costsjigge higher quality, or focus on market
segments that are less profitable. This mechaniagnatso be relevant for the provision of job
training services, with case-managers being drbseaquity concerns (see e.g. Heckman et al.,
2002).

Various empirical studies, particularly focussingtbe hospital industry, have tested whether
NFPs indeed make a difference (see e.g. Egglestain 2006). Empirical evidence for job
training services is however scarce. Major excejystiare Heinrich (2000) and Stoll et al.
(2003), who investigate whether NFP job trainingyiders make a difference in their selection
behaviour and the placement into jobs. HeinrictD@®0who analyses 637 local service
providers of JTPA activities, finds no evidence $gstematic differences in the selection of
client types between the organisation types. MagedvPs have higher job placement rates
than NFPs at the moment of termination of a progtaumthese differences do not persist in the
long run. Stoll et al. (2003) present some eviddocadverse selection, as non-profit CBO’s
(Community Based Organisations) in Boston trairtipiants with more ‘barrier
characteristics’ than other organisations. SintitelHeinrich, Stoll et al do not find CBOs to
outperform FP organisations systematically in teafj®b placement rates.



One of the key aspects the above studies is theofaelection by job service training
providers. Usually no formal treatment is presergethe selection process of job training
service providers. Therefore, high job placemeteég@an simply be due to the fact that
providers select clients with highpriori job prospects, and reverse. This choice is oftdrbly
data considerations. In particular, US job trainsegvice providers have discretion in the (ex
ante) choice of their clients, causing room foracneskimming. In the abovementioned studies,
several controls are used for observed differemirathe client composition of FPs and NFPs,
while leaving unaddressed the biasing impact obseoved characteristics, such as the
motivation or the health of clients. Thus, if seiee is important and predominantly confined to

FPs, the relative performance of NFPs will be uadémated.

In this paper, we contribute to the literature bglgsing both the relative performance and
selection behaviour of NFP job training serviceyiers. In the empirical analysis, we take
explicit account of the selection process of ckebbth in the allocation of clients prior to
programs, as well as at the start of programs. ¥éecontract data from the Dutch social benefit
administration, which is the major contractor db jmaining service providers in the
Netherlands. For various client cohorts that haserbcontracted out over the period 2002-
2005, we observe the job training service providsregal status (FP or NFP), the actual
region the cohort is located, the contracted co$iad, the effective number of program
participants and their job placement rates. Wittséhdata, we are able to obtain consistent
estimates of performance differentials between fdPNFP job training service providers, both
in terms of (adverse) selection and job placematest We argue that we take full account of
selection effects, both ex ante (i.e. in the alioceof clients to providers) as well as ex post

(i.e. the sample of clients that starts the program

First, the social benefit administration procurasious client cohorts that are defined by
specific client or cohort types (e.g. older workensmigrants or lower educated) and/or
specific program types that have to be followed.(gb training, mediation or self-
employment). For each cohort type, multiple cohartsprocured to job training service
providers. From the perspective of job training\ypders, these cohorts are ex ante
homogeneous, i.e. the actual clients that willolaltthe program are not known when providers
are awarded with contracts. Instead, providersavilly have (limited) information on the
average characteristics of the various cohort types. Wadfore argue that thethin cohort

type variation of client cohorts in the performamegcomes of NFP and FP job training service
providers is sufficient to obtain consistent estiesaof performance differentials. When
estimating our model, we therefore include cohgpetfixed effects, as any selection within
cohort types is basically ruled out by the coniracsystem.
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The second innovative aspect of the paper is thapst) selection of clients at the start of
programs is measured explicitly in our data. Astwted cohorts are assigned to a specific job
training service provider, clients that effectively not participate in a program can be
interpreted as ex post selection effects with resgeclients to a particular service provider.
Selection can be attributed to the job trainingviter itself (‘provider induced selection’) — i.e.
they may send back some clients to the social lieadrhinistration when they consider these
not to be suitable for the program. Selection effesay also stem from individual clients for
whom their reintegration plan has not (yet) beepraged by the social benefit administration.
In the empirical analysis, we test whether thepegsyof ex post selection differ between NFPs
and FPs. Moreover, as ex post selection may intfiraffect the average performance of the
(remaining) clients on the program, we also useghariables as (additional) controls when
estimating models for the job placement ratesdifease selection is important, we may expect
the performance of job service training providersncrease with respect to the number of
clients that are returned to the social benefitiathtmation.

In what follows, we first explain the Dutch institthal context and the contract data in section

2. Section 3 describes the empirical strategy vadid, as well as the estimation results. Finally,
section 4 concludes.
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2.1

Institutional context and data

The contracting process

In the Netherlands, the Disability Insurance (DilaJnemployment Insurance (Ul) scheme are
mandatory for all workers. Both of these schemescarried out by the (public) social benefit
administration. Similar to the New Deal in the WnitKingdom, unemployed clientsalso

those receiving Social Assistance benefishould be offered mediation, job training or
subsidised employment within twelve months aftergtart of the benefit spell. This holds both

for Ul recipients and DI recipients that have residincome capacity.

As of 2002, the Dutch social benefit administrattmmtracts out the delivery of mediation and
job training services to private job training ses/providers only. In the period under
investigation (2002-2005), this was done by theeprement of various cohort types. For each
cohort type, multiple cohorts with individual clisnwvere contracted to job training service
providers. For instance, in 2002 there were 53 ddigpes and 474 individual cohorts that were
contracted. During the contracting process, théviddal clients within a particular cohort were
not known yet by the provider — they were only imfie@d on the average characteristics of the
cohort types, the expected cohort size, and cantrawlitions. When contracts were awarded to
a provider, however, the client addresses weresteared to the provider, who in turn had to
contact the clients and make a reintegration pl&is plan includes a list of proposed activities
to get the client back to work, as well as thetsgind duties of the provider and the client. In
order for the program to get started, the reintigngplan has to be approved by the social
benefit administration. In practice, reintegratjgans are not formulated for all individual
clients, or are not approved in all cases. Thuegtls a distinction between the ‘gross’ cohort
that has been assigned to a provider on the orak bad the ‘net’ cohort of clients for which

reintegration plans are submitted and approvedeysbcial benefit administration.

Over the years, the exact number of cohort typegleareased substantially (from 53 cohorts in
2002 to 17 in 2005). These types can be charagtebg (combinations of) (i) specific client
target groups; (ii) program types; (iii) impairmewpes; and (iv) the sectors where unemployed
clients formerly were employed. The most promingignt groups include immigrants, clients
with ‘substantial re-employment probabilities’, etdvorkers and school leavers or dropouts.
Relevant instrument types that have been usedhbr&gining, job hunting or self-employment.
Further, in about one fifth of the cohorts servyiteviders opted for specific DI recipient
categories, like those with ‘mild’ impairments, n@rimpairments, visual and hearing
problems, behavioural problems and pregnancy @iatpairments. Finally, only a small group
of contracts consisted workers that try to finak jn another sector (mostly the care sector)
than the one they were previously employed.

13



Table 2.1 Sample averages for contracted cohorts, 2002-2005 (st. errors of averages between brackets)

2002 2003 2004 2005
# Procured cohort contracts 474 292 339 312
# Cohort types 53 20 17 17
# Contracts per cohort type 8.9 15 20 18
(1.5) (2.1) (3.5) (2.6)
# Clients (gross) 106,156 88,153 65,111 24,149
Trajectory duration (days)
- Successful 280 280 201 95
(4.2) (4.0) (2.9) 4.1)
- Unsuccessful 469 539 394 228
(4.2) (5.5) (4.8) (3.9)
Cohort characteristics
Fraction DI 0.57 0.59 0.67 0.51
(0.023) (0.029) (0.026) (0.028)
Fraction non-profits 0.053 0.031 0.068 0.0032
(0.010) (0.010) (0.014) (0.0032)
Gross cohort size: assigned 224 302 192 77
participants (11) (14) (7.4) (4.9)
Net cohort size: effective program 191 250 156 58
participants (9.8) (11) (6.2) (3.8)
Program outcomes
Provider induced selection 0.030 0.029 0.013 0.013
(as fraction of gross cohort size) (0.0013) (0.0014) (0.00081) (0.0016)
Client induced selection 0.13 0.15 0.18 0.25
(as fraction of gross cohort size) (0.0032) (0.0036) (0.0048) (0.0076)
Fraction employed after program: 0.32 0.29 0.23 0.082
(0.0054) (0.0067) (0.0067) (0.0045)
- Contract 6-12 months 0.25 0.22 0.16 0.059
(0.0045) (0.0054) (0.0053) (0.0036)
- Contract > 12 months 0.073 0.069 0.065 0.023
(0.0024) (0.0026) (0.0025) (0.0018)

In the bidding process, the relevant criteria wlreproposed and past performance, the price,
experience with the specific cohort type and theethfor their proposed services’. Thus,
criteria were mostly of a subjective nature andlétgal status of job training service providers
was not taken into consideration. At the end ohegarter, the social benefit administration
chose the service provider that satisfied theger@ithe best. Next, contracts with the job
training providers were formalised. The paymentsggegram ranged between 2,500 and 4,000
euro (De Cuyper et al., 2005) and were partly egldbd job placements. Typically, the reward
per client consisted of a fixed payment when thetegration plan was approved (20% at
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2.2

maximum), a fixed payment six months hereafter%8s), and bonus payments in case of job
placement in jobs for at least two and six mongsto 50%):

The contract data

Table 2.1 shows sample statistics of all cohos tfave been contracted out to job training
service providers from 2002 to 2005. In total, ¢hesere 107 cohort types, 1,417 contracted
cohorts, 283,569 clients that started job traippnggrams and 105 job training service
providers that have been contracted. Thus, there aleout 13 individual contracts per cohort
type on average. Usually contracts start in thetquafter the bidding and awarding process,
and the actual programs formally end twelve moafterwards. Individual groups of clients
may start their program at various moments, magtyting in the first weeks the contract has
started, but in principle within the same quaftBor each year, a new classification of cohort
types was used by the social benefit administrafiomounting to 53 types in 2002 and 17 types
in 2004 and 2005. In the contract data, multipletiart observations do not reflect yearly
variation. Instead, the panel aspect of the dataaiswe observe multiple cohort contracts per
cohort type for separate years, withthin variation stemming from multiple regions and
service providers per cohort type. We return tg thsue in the next section.

In our sample, the number of clients that folloas fraining programs decreased substantially
over the years, particularly in 2005. It shouldrio¢éed however that this drop reflects the fact
that contract outcomes in 2005 are not fully reedrly December 2005, which is the reference
date for all contracts in our data set. Similadgntracts that started in 2005 that have not been
completed yet by the time of recording cause ttexage trajectory duration for clients that
have not found a job (yet) to be incomplete (amefore underestimated) as welh the
preceding years, the average trajectory duratigisudcessful) clients that found a job was
between 200 and 280 days, whereas the averagecbdtiration for unsuccessful clients
varied between 394 and 539 days.

For each contract, observed cohort characteriatieshe specific region for the bidding process
(7 in total), the job service provider and its legfatus (FP or NFP), and the benefit scheme of
cohort clients (Ul or DI). The share of cohortsiwidl recipients ranged from 51 to 67% over

! For the shortest program trajectories, payments included only a fixed payment when the reintegration plan was approved
and a bonus payment for individual clients that have found a job for at least two months.

2 This means that the cohort that participates in the scheme exists of ‘sub-cohorts’ that start at different moments in time, but
with similar contract conditions and job training service providers. For these 1,417 contracts, we observe 9,173 ‘sub-cohorts’
that have started their program at different dates. Thus, there are 6,7 sub-cohorts per contract. We do not observe the
starting dates of these sub-cohorts, so aggregating the data to the level of contracts does not give any loss of information.

3 As we will estimate model versions with cohort type fixed effects and we have new cohort types for separate years in our
sample, any underreporting errors for job placement rates in 2005 will be controlled for. We return to this issue in the
empirical implementation of our model.
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the years. NFP job service providers covered 3400f the contracted cohorts in 2002-2004,
whereas their market share is negligible for 20€8ough the market share of NFPs is small,
we argue that the absolute number of contractsgS%yell as the number of clients in these
contracts (5,532) is sufficiently large to obta@presentative estimation results (see table 2.2).
Furthermore, there is a sharp drop in the averagert size in 2005, both in the number of
clients that are ex ante assigned to job trainergise providers (i.e. the ‘gross’ cohort size)
and the number of clients that have effectivelytsththeir trajectory (i.e. the ‘net’ or ex post
cohort size).

Basically, the social benefit administration asseghe outcomes with two measures: provider
induced selection and job placement rates — bathj@s with contracts of at least six and
twelve months, respectively. Regarding the firdtome measure, job training service
providers may send back some clients if they cardigese not to be ‘suitable for the program’.
We define the fraction of these clients of theltotmtracted cohort gzovider induced

selection. Obviously, high provider induced selection is imothe interest of the social benefit
administration, as these are associated with ceddmming. Therefore, high provider induced
selection rates diminish the prospects of futuretramts? Next to provider induced selection,
we defineclient induced selection as clients that effectively do not participatgpmegrams, but
which are not sent back by the service provideis Ghoup consists of clients that either
already have found a job by the time the trajectayts, or for whom the reintegration plans
have not been approved by the social benefit adtnitiion anyway. In both cases, clients are
no longer assigned to their respective job trairagyice provider, and this does not affect the
future prospects of contracts. Unfortunately, thieneo information on the size of these two
categories.

Over the years, there has been a downward trepbirider induced selection, from 3% in

2002 to only 1.3% in 2005. This contrasts with éelution of client induced selection, which
has risen from 13% in 2002 to 25% in 2005. Jobgat@nt rates, which are measured one year
after completion of the contract at maximum, seerave decreased over the years,
presumably as a result of the economic downtu0id3 and 2004. This holds both for job
placements in the first six months after the progend the next six months. Again, however, it
should be noted that contracts in 2005 are incot@péausing underreporting errors here.

“ In the contracting process, past provider induced selection is one of the criteria for the awarding process, but not in an
explicit fashion — for instance by setting maximum standards.
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Table 2.2 Comparison between FPs and NFPs (2002-2005): cohort characteristics and performance

For profit Non profit
# Procured cohort contracts 1,359 58
# Job training service providers 92 15
# Clients (gross) 278,037 5,632
Cohort characteristics
Fraction DI 0.58 0.72%**
(0.013) (0.059)
Cohort size (gross) 205 Q5H**
(5.7) (12.4)
Cohort size (net) 169 78***
(4.8) (10)
Performance indicators
Selection, provider induced 0.021 0.010***
(0.00072) (0.0020)
Selection, client induced 0.17 0.18
(0.0027) (0.015)
Fraction employed after 12 months: 0.24 0.28
(0.0038) (0.025)
- In 0-6 months 0.18 0.20
(0.0031) (0.019)
- In 7-12 months 0.058 0.084**
(0.0012) (0.012)
Trajectory duration (days)
- Successful 220 230
(2.8) (19)
- Unsuccessful 411 427
(3.9) (23)

Significance of any differentials between the sample averages of FPs and NFPs is denoted by *, **, and *** at 10%, 5% and 1%,
respectively.

Table 2.2 shows average values of our sample afrtabntracts, stratified according to FP and
NFP job training service providers. Only about 4P®or data consists of observations of NFP
providers, which predominantly serve smaller cohavith DI recipients.In sum, 15 NFP job
training service providers were awarded with cartsan 2002-2005, serving 55 individual
cohorts and 25 cohort types. As four of these cotypes were served by NFPs only, we have
21 cohort types that can be characterised as ‘hikethe sense that both organisation types
were awarded with contracts here. Table 2.2 alsashhat provider induced selection is
significantly lower for NFPs than for FPs, wher#aes job placement rate is higher for NFPs for
durable job placements (more than twelve monthb). éinis however unclear whether these

®When regressing the contracts share of NFP job training service providers on cohort type characteristics, we find cohort
types with DI recipients and with smaller size to have significant coefficient values. No significant effects are found when
including the average job placement probability of the cohort type as an explanatory variable. Thus NFPs seem to specialise
in DI clients and smaller cohort groups, rather than those with bad job prospects.
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differentials are related to job service trainirrgypders, or the (ex ante) selection of cohort
client characteristics. For this, a more formakgsh design is needed.

Table 2.3 Variance decomposition of performance indicators of individual contracted cohorts

Cohort types Service providers Residual
Selection: provider induced % 32% 61%
Selection: client induced 21% 31% 48%
Fraction employed: 69% 15% 16%
- Contracts 6-12 months 68% 8% 24%
- Contracts >12 months 37% 24% 39%

To get more insight into the respective roles ef thent types (i.e. cohort types) and job
training service providers, table 2.3 finally pretsea decomposition of the observed variance of
the performance indicators. Clearly, the role aymlers is most prominent for provider and
client induced selection (32% and 31%, respect)vdliie latter finding may be surprising, as it
suggests client induced selection is (indirectiyyeh by the job training service providers as
well. We return to this issue when discussing ttéreation results of the selection model in
section 3.2. For job placement, however, the péctsireversed. In particular, the overall job
placement rates are strongly determined by thertdyye (69%), whereas only 15% of the
variance is attributed to individual service praaisl. Thus, we need to control for cohort
characteristics (or dummies) to obtain estimateSFoNFP differentials that can be attributed to
legal status only.

18



3.1

Empirical strategy and estimation results
Empirical strategy

Within the context of the bidding process, job gstraining providers may bid for cohort
types that they consider most profitable. This nsghat there is room for selectibatween

cohort types. As providers have no additional infation on the composition of individual
cohorts for each cohort type during the biddingcess and there is no informational advantage
vis-a-vis the social benefit administration, thexéowever no room for selection effegighin
contract types. Thus, ex ante selection effecjslogervice training providers (i.e. before the
start of training program) can be effectively cofierd for by the inclusion of cohort type fixed
effects. We can identify the effect of legal stadtnsgperformance using variation within cohort
types. As performance measures are fractions iceakts, we thus start by formulating a linear
probability panel model with cohort types as refguvanits:

Pijr = a Xijw +f Yi i + &ije (1)
withi=1.1;j=1.J;t=1.Tandr=1..R

In the above equation, we defiRg, as the performance outcome of job service training
provideri , with a contracted cohort typet timet (in years) in regiom. Performance can
either be measured in terms of provider or cliaduiced selection (section 3.2) or job
placement rates (section 3.3). MatXixconsists of explanatory variables that vary oter t
contracts in our sample. These include the legalistof contracted providers, six regional
dummies, and the log values of cohort size. Théovecdescribes the effects of these variables
on the performance outcome. Mathixncludes observed variables that only vary acoo$ert
types in our sample. These are the type of beregfipients in the cohort (Ul or DI) and the
years that the contracts start (2002-20f5)enotes the impact of these variables. Finally,
represents the cohort fixed effect aggd a residual term that is i.i.d. with an expectebligaf
zero and variance®.

When using standard FE estimation techniques foation (1), not all coefficients describing
the effects of our parameters can be estimatedadables inY do not vary within cohort
types, we cannot separately idengfandy;, . We therefore introduce the parameter veétor
and define it as

O it = B Yie +i (2)

so that equation (1) can be rewritten as
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Pijtr = a Xy + 0ip * &y (3

and estimated with FE, using cohort types as fedelcts. Thus, we obtain consistent estimates
of a, but the value estimates &tannot be interpreted as cohort type effects iareom sense.

The use of FE estimation techniques provides us avitonsistent coefficient value of the NFP-
dummy. Still, we should be aware that in this desilj contracts are weighed equally,
regardless their size. Individual clients haveghbr probability to be part of contract
observations with large cohorts than for smallezgrso equal weights for all observations may
be misleading. As a check on the robustness ofesuilts, we therefore will also estimate
equation (1), but now using cohort size of the rmis as relative (analytic) weights. Moreover,
rescaling the data according to cohort size may ialsrease the efficiency of our estimates.
Within the context of FE estimation, however, rdisgpis cumbersome, since observed weights
are not constant within cohort contracts. We thtaneefollow Mundlak (1978), who proposes a
specification for fixed effects with pooled data.farticular, we re-specify the cohort specific
effect as

0 it = a Xi + vy 4)

whereX;; are the average values of observed contract desistcs (i.e. the legal status,
regional dummies, and cohort size) within coli@t timet. v;; is a residual term that is i.i.d.
with an expected value of zero and variaffc&ssentially, in equation (4) we include variable
averages over the observations within the cohet sample, so as to estimate the parameter
valuesa using within variation only. As Mundlak (1978) st® using this approach on pooled
data yields estimates that are equivalent to thdeFE estimation — at least for those
variables with variation within cohort types. IretMundlak model, we can also includebut
consistency is not warranted here as there is ttimgcohort variation:

Pijr = a Xjr +f Y + a X+ Dijtr (5)
with
Dijtr = oit + &ijtr (6)

wheregj, is i.i.d. with a mean value of zero and a variagqgaal tos” + 7% This equation can
be estimated by Generalised Least Squares (GL8Wiaf for cluster specific variation and
cohort size as relative (‘analytic’) weights. Thu& obtain consistent estimates of our
parameters of interest with different relative weiy but still exploiting the panel aspect of the
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3.2

data. In the next subsection, when estimating tbdainfor the service provider selection and
the job placement rates, we will therefore prederth the FE and Mundlak estimates.

Estimation results: selection

Table 3.1 presents the estimation results for behH-E and the (weighed) Mundlak model —
i.e. equations (3) and (5) — for provider inducetestion, client induced selection, and the total
(sum of provider and client induced) selectionl@nts at the start of a program, measured
over the time period 2002-2063Ve first address the model estimates for provideuced
selection. Providers may take advantage of the iwppity to send back clientsat least to a
certain extent by excluding clients with limited job prospectdythat are less profitable in
terms of payments per job placement. As the taidevs, for both the FE and the Mundlak
specification we find FP service providers indeegdhow (significantly) higher provider
induced selection, with estimated differentialsgiag from 0.6 to 0.8%-point (with an average
rate equal to 2% in the total sample).

More strikingly, we find reverse (and positive)esfts of the NFP status for client induced
selection. In particular, the fraction of clientst choose not to participate in the programs is 4
to 4.5%-point higher for NFP job training servia®yiders. This effect dominates provider
induced selection, causing the total fraction @tk at the start of the program to be even
lower for NFPs than for FPs as well. In a way, finigling is surprising, as the selection
behaviour of clients is driven by the legal statfiservice providers. We therefore suspect FP
service providers to affect selection in an indimeanner, namely by taking more effort in
preventing clients not to show up at the start pfagram, in particular by contacting them as
early as possible and subsequently get the remtiegrplans approved. In this respect, one
should take in mind that providers are paid bysbeial benefit administration per individual
client, both at the start of a program and the muro&job placement. This contract design
creates incentives to prevent client induced sieledty the job training service provider. FPs
may be more susceptible to this, particularly whdditional clients also have good job
prospects and therefore the probability of job pfaent rewards is high as well.

One interpretation of the results on provider alieht induced selection may be that these are
substitutes — i.e. a higher proportion of approkaidtegration plans results in a higher return
rate that is induced by the providers. When lookihthe correlation between client and
provider induced selection, however, there is ndemwe pointing in this direction. In
particular, the observed correlation is insignifitand equal to 0.039 (0.027), whereas the

cwe already argued in the previous section that job placement observations of 2005 contracts are susceptive to
underreporting bias, as the time frame of individual programs was not always complete by the time the data were registered
(in 2006). Therefore, we also estimated all model forms of sections 3.2 and 3.3 without 2005 as a robustness check. This
yielded estimation results that were virtually equivalent for the complete time span for all relevant parameter values.
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correlation that is observed within cohort typed aggions is 0.048 (0.027). From this, we

conclude there is no strong evidence for substituiffects’

Table 3.1
between parentheses, N =1,417.

Provider induced selection

FE Mundlak
Non-profit (dummy) -0.0077* - 0.0063**
(0.0039) (0.0025)
DI cohort (dummy) 0.0066***
(0.0018)
Cohort size (gross), log 0.0011 -0.0019
(0.0031) (0.0063)
Cohort size (gross), log 0.00061 -0.00023
squared (0.00038) (0.00065)
F-test regional dummies P =0.000 P =0.000
Constant 0.031*** 0.027*
(0.0072) (0.015)
Year = 2003 - 0.0065***
(0.0022)
Year = 2004 —0.014***
(0.0024)
Year = 2005 —0.017***
(0.0023)
Average values (per cohort)
Non-profit 0.0031
(0.0084)
Cohort size, log - 0.00065
(0.0059)
Cohort size, log 0.00051
squared (0.00064)
F-test regional dummies P =0.094
(averages)
R-squared 25.9%
% variance due to FE 28.9%

Client induced selection
FE Mundlak

0.039%+*
(0.014)

0.044%+
(0.016)

-0.0014
(0.011)
-0.035
(0.035)
0.0025
(0.0035)

0.048%*
(0.011)
- 0.0066**

(0.0014)
P = 0.000 P =0.000

0. 12***
(0.025)

0,48+
(0.095)
0.034++*
(0.012)
0.061%**
(0.013)
0.11%+
(0.012)

- 0.080*
(0.036)
—_ 0 10***
(0.030)
0.011%*
(0.0032)

P =0.524

29.1%
41.6%

Significance of parameter estimates is denoted by *, **, and *** at 10%, 5% and 1%, respectively.

Estimation results: provider and client induced selection model (2002-2005); standard errors

Overall
FE Mundlak
0.031** 0.038**
(0.015) (0.017)
0.0052
(0.012)
0.050%** -0.037
(0.012) (0.038)
- 0.0072*** 0.0023
(0.0014) (0.0038)
P =0.000 P =0.000
0.15*** 0.50***
(0.027) (0.10)
0.028*
(0.014)
0.047***
(0.014)
0.097***
(0.012)
-0.076*
(0.040)
- 0.10****
(0.032)
0.017***
(0.0034)
P =0.485
23.2%

38.4%

" It may also be that substitution effects do exist, but complementary effects are of equal size. For instance, client cohorts

that are harder to serve may both have less reintegration plans approved and be more likely to be send back by the

provider.
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3.3

Regarding the other parameters in our model, we:tfie yearly and regional dummies to be
significant. Over time, the fraction of providedinced selection has decreased substantially,
whereas the opposite has occurred for client indsetection. One explanation for this may be
that business cycle conditions have improved irtithe period under investigation, causing the
number of clients finding a job in the time spaffolbe the program to have increased as well.
Furthermore, for the impact of cohort size on dliexluced selection, we find clear differences
between the FE and Mundlak specification. This welly reflect the fact that the FE estimates
are not heteroscedasticy consistent. In particthercohort size of the contracts is the prime
cause of heteroscedasticity. Thus, the coeffiorahie of this variable is likely to be susceptible

to heteroscedasticity bias.

Estimation results: job placement rates

So far, our estimates suggest that NFP and FRaobirtg service providers differ in their
selection behaviour at the start of the prograrey tirovide. FPs are more likely to apply
provider induced selection, but also provide mdfereto prevent clients not to show up at the
start of a programs and have the reintegrationgpégoproved, so as to ensure (at least) a fixed
payment per client and to maintain the prospeétinfre payments in case of job placement. In
order to test for the possible impact of thesectilp effects on the job placement rates, we
now extend equations (3) and (5) with both proviged client induced selection as explanatory
variables. Table 3.2 presents the resulting cdefficestimates that follow from such an
approach, again both for the FE and the Mundlaki§pation.
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Table 3.2

(standard errors between brackets)

Non-profit

DI cohort (dummy)

Cohort size, log value

Cohort size, log value
squared

Provider induced
selection
Client induced selection

F-test regional dummies
F-test: client = provider
induced selection

Constant

Year = 2003

Year = 2004

Year = 2005

Outflow contracts 6-12

FE

0.0084
(0.011)

0.038%**
(0.0078)
— 0.0035%*
(0.0010)

-0.034
(0.075)
- 0.064%+
(0.021)

P =0.004
P =0.701

0.090**
(0.018)

Average values (per cohort)

Non-profit

Cohort size, log

Cohort size, log
squared

Provider induced
selection

Client induced selection

F-test regional dummies
F-test: client = provider
induced selection

R-squared
% variance due to FE

69.5%

months
Mundlak

-0.010
(0.017)

- 0.066%*
(0.020)
0.0010
(0.026)

0.00055
(0.0027)

-0.16
(0.10)
0.025

(0.035)

P =0.005
P =0.077

0.28
(0.19)
0.018

(0.033)
- 0.0051
(0.062)
-0.12*
(0.062)

0.025
(0.092)
-0.071
(0.068)
0.0088
(0.0074)
4,04
(1.4)
0.13
(0.39)

P =0.000
P =0.020

50.4%

Outflow contracts > 12

FE

0.018***
(0.0062)

0.021%*
(0.0045)

— 0.0021%*
(0.00059)

-0.035
(0.044)
- 0.0052
(0.013)

P =0.043
P =0.524

0.010
(0.010)

44.9%

months
Mundlak

0.016**
(0.0070)

- 0.0046
(0.0063)
0.010
(0.011)
- 0.0010
(0.0010)

-0.052
(0.054)
0.0052
(0.013)

P =0.000
P =0.337

0.030
(0.074)
0.0085

(0.0092)
0.0044
(0.018)

- 0.037*

(0.018)

-0.010
(0.030)
0.00043
(0.030)
0.00042
(0.0032)
0.48
(0.37)
0.053
(0.11)

P =0.001
P=0.331

20.7%

Significance of parameter estimates is denoted by *, **, and *** at 10%, 5% and 1%, respectively.

Estimation results for job placement rate model, 2002-2005: overall, short and long term

Overall outflow rate

FE

0.026**
(0.013)

0.059%+
(0.0095)
— 0.0057*+
(0.0012)

- 0.069
(0.090)
- 0.070%*+
(0.026)

P =0.019
P =0.993

0. 10***
(0.022)

70.5%

Mundlak

0.0054
(0.017)

- 0.071%+
(0.025)
0.011
(0.033)

- 0.00047
(0.0033)

-0.21
(0.13)
0.030

(0.041)

P =0.004
P =0.067

0.31
(0.24)
0.027

(0.040)

- 0.00074

(0.078)
- 0.16*
(0.076)

0.014
(0.12)
-0.070
(0.085)
0.0088
(0.0093)
4.4%
1.7
0.19
(0.49)

P =0.000
P =0.033

47.7%

24



From the table, it seems that NFP job trainingiserproviders (only) make a difference in job
placements for job contracts that last longer thamonths. NFPs have a job placement rate for
durable jobs that is 1.6 to 1.8%-point higher th&@s. For both total job placement rate,
however, no significant differences are found least not for the Mundlak specification.

The estimation results for the job placement madtd show that the FE specification gives a
more pronounced effect for the NFP status thamMhedlak specification does, with cohort
sizes as relative weights. This particularly hdhlisthe overall job placement rate differential,
which is significant for the FE model (with 2.6%ipt), but smaller and insignificant for the
Mundlak model (0.54%-point). A possible explanationthis difference is that performance
differentials are larger for small cohorts — i.é=s have a comparative advantage for small
cohorts only. Thus, putting more weight on the éacghort decreases the overall differential.
We return to this issue in the next subsection.

We find limited evidence for client induced selectito affect job placement rates. In particular,
only for the Mundlak specification client induceglection has a negative and significant
impact on short term job placemé&r@imilar to the selection model, we also find a pum
shaped cohort size effect for the FE specificatimrt,no significant effects when using the
Mundlak specification. Again, these differences barexplained by the use of cohort size as
relative weights. Finally, we find regional dummiesincrease the fit of our model, while there
is no clear pattern emerging from the yearly dunsmie

In order to get more insight in the origins of tiigtained performance differentials — both in
terms of selection and job placement — we re-estichthe Mundlak model for all outcomes of
interest, while stratifying the observations acaogdo the benefit scheme of the cohort (Ul or
DI) and cohort size (smaller or larger than 10@mt$) on the other haridrable 3.3 presents
the resulting coefficient estimates for the intéiacterms for the job placement models.
Overall, the table shows no evidence for the NFR3fferential in job placement rates to be
confined to a particular contract type. It is ofdy the differentials in the selection outcomes
that we find more pronounced results for DI cohéremn for those with Ul recipient8 One
explanation for this result may be that fixed pagtseer client are higher for DI recipients,

8 We also estimated the model without the selection measures as controls. This yielded similar estimates for our parameters
of interest.

? Note that we use the Mundlak specification here, the reasoning being that splitting up the sample in small and large
cohorts would yield substantially less observations per cohort type, thus decreasing the efficiency of our estimates. In a
Mundlak setting, however, by assuming that fixed effects do not differ within cohort types (small or large), we can easily
exploit the panel aspect of the data by the inclusion of averages that are partially based on larger cohorts as well.

% Note that the sample averages of the selection measures are of about equal size for the Ul and DI cohorts. In particular,
the averages for provider and client induced selection are 1.6% and 16.7% for Ul cohorts, and 2.3 and 17.6% for DI cohorts.
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thus creating a larger incentive to bring in thelsents at the start of a program. FPs in turn
may be more susceptive to this incentive, thuseiamsing both provider and client induced
selection for DI recipients.

Table 3.3 Estimated NFP-FP differential for Mundlak model, stratified according to benefit scheme (DI/UI)
and cohort size (</> 100)

Benefit scheme Cohort size Overall

ul DI <100 >99
Provider induced selection 0.0026 - 0.0076*** - 0.0054 - 0.0074** - 0.0063*
(0.0035) (0.0028) (0.0032) (0.0032) (0.0025)
Client induced selection 0.021** 0.063*** 0.038** 0.044* 0.044***
(0.0078) (0.015) (0.018) (0.021) (0.016)
Overall selection 0.023** 0.055%** 0.033** 0.037* 0.038**
(0.010) (0.017) (0.017) (0.022) (0.017)
Job placement 0-6 months -0.031 -0.010 - 0.0058 -0.015 0.010
(0.028) (0.020) (0.019) (0.027) (0.017)
Job placement 6-12 months 0.011 0.017* 0.0065 0.015 0.016**
(0.016) (0.0075) (0.015) (0.011) (0.0071)
Overall job placement -0.019 0.0070 0.00073 - 0.00053 0.0054

(0.037) (0.018) (0.019) (0.030) (0.017)

26



Conclusions and discussion

This paper analyses the relative performance aledts@n behaviour of NFP job training
service providers, using unique contract data fthenDutch social benefit administration. In
our analysis, we take full account of selectioreff§, both ex ante (i.e. during the contracting
process) as well as ex post (i.e. at the startpgbgram). First, given the setup of the
contracting system, cohort types in our data ararg& homogeneouswith job service

training providers only being informed on the awgraharacteristics of the cohort type. Thus,
there is no room for asymmetric information andesgbn effects of individual cohorts within
cohort types. Moreover, theithin cohort type variation of individual cohorts inites of
performance outcomes of NFP and FP job trainingiceproviders is sufficient to obtain
consistent estimates of performance differentécond, selection effects at the start of the
program is measured explicitly in our analysis.cAstracted cohorts are assigned to a specific
job training service provider, clients that effeelly do not participate in the programs are
labelled as selection effects (or: dropouts) withpect to clients of a particular service
provider. These effects can be attributed to tletjaining provider (‘provider induced
selection’) or individual clients not showing uglient induced selection’).

Our estimation results show that FP are more aatiwgelecting clients, both by sending back
more of them (provider induced selection) and ieclily, by stimulating clients to start a
program (client induced selection). The higher eitd provider induced selection of FPs
indicates that they take more advantage of the ity to send back clients by excluding
clients with bad job prospects. This effect is hegredominated by the lower rate of client
induced selection of FPs, causing the fractionfiefciive participants at the start of the program
to be lower for NFPs than for FPs. Thus it may wellthat FPs are more susceptive to the
reward incentive per individual client at the stira program.

Regarding the performance of providers in job plaest rates, NFP job training service
providers make a small difference for the durapitif job placements. In particular, we find
NFPs to have a job placement rate in terms of actgrof at least twelve months that is 1.6 to
1.8%-point higher than FPs. For the overall jolzptaent rate, however, no significant and
systematic differences are found.

We conclude that FP and NFP job training servieeipers have different performance
outcomes, particularly regarding their selectiohdaour. For the social benefit administration,
however, the conversion from these findings togoiimplications is complex. If the contractor
aims at maximising the fraction of clients thattjggpates in programs as an equity device, FPs
are to be preferred, as the overall fraction ofgaeed clients that participates is higher than for
NFPs. From an efficiency point of view, however xingising the number of clients that
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effectively participates may not be a wise thinglto Additional clients may be less motivated
to participate or would have found a job anyhowr @sults indicate some evidence in this
direction- that is, clients not showing up at the start pf@gram have higher re-employment
rates than participants. Given the current setuguofanalysis, however, we cannot infer
whether this finding reflects higharpriori chances to find a job, or whether programs lower
the probability to find a job. We leave this fotdte research.
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